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~0
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The expectation ranges over different choices of the training set all sampled from the same joint distribution p(X,Y)
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A Comparative Study on Feature Selection in Text Categorization
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O R ( Document Frequency , DF)
- RISz RIS E
- IEIREDFRYEIE
- RE U FHEEABEE

LS BIRRIMA ST EARNKBIFNT

O {SB1#Z5 (Information Gain , 1G)
- IG XRTIINZFHES . ABRFUNEREER

G(t) =— ) P(c)logP(c;)
2
+P(t) ) P(ci|t)logP(c;|t) + P(t) ) P(c;|t)logP(c;|t)
2 2

Yang, Yiming, and Jan O. Pedersen. "A comparative study on feature selection in text

categorization." JCML. Vbl. 97.1997.
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H{ZE ( Mutual Information, MI )
HANBENZE EEMIER TN EEREE R

o p(x,y)
(=) ) logocsts

yeY xeX

FFAEAN E A ( WEERHLIRTA
P(t, c) AXN

Itc) =log b = 8 AT Ox(a + B

A tRICREIRTHINAYSEEL
B : tHHIN A INAISUAEL
C . tARHMcHINAISHER
N : 231

Yang, Yiming, and Jan O. Pedersen. "A
comparative study on feature selection in text
categorization." JCML. Vol. 97. 1997.
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FFAELAD B A ( JHNEERALIERTRS

P(t, c) -1 AXN
P(OP(C) B(A+CO)x(A+B)

I(t,c) = log
W ERF AR TTE
Tavg(6) = ) P(e)I(t,¢:) Tmax(6) = max{I (¢, c,)}
=1
Yang, Yiming, and Jan O. Pedersen. "A

comparative study on feature selection in text
categorization." JCML. Vol. 97. 1997.
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L IRHYSIEER

Z OO ® >

B A RT3
Tavg(t) = ) P(e)X*(t,¢1)
i=1

Yang, Yiming, and Jan O. Pedersen. "A
comparative study on feature selection in text
categorization." JCML. Vol. 97. 1997.

(A + C)x(B + D)x(A + B)x(C + D)

Imax(t) = max{(x*(t, )}
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Figure 1. Average precision of kNN vs. unique word count
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Figure 2. Average precision of LLSF vs. unique word count
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